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ABSTRACT

The objective of this research was to develop an English achievement learning
model using K-Means Clustering Technique of Udon Thani Rajabhat University
Students. The study data were collected from 3,596 items drawn from the English
Discoveries program. It consisted of English achievement results in reading, listening,
and grammar from students of 7 faculties in the academic year of 2017 to 2019.
The experimental results revealed that the learning model was able to make groups
of similar students’ scores and classify them into the appropriate number of groups
which were 8 groups. Moreover, the effectiveness of the model was measured and
the quality of appropriate clustering measuring model was examined by the Davies-
Bouldin Index approach. Consequently, the researcher was able to comprehend
students’ English capabilities in order to design suitable courses for developing and

expanding the students’ competencies.

Keywords: K-Means Clustering, Machine Learning, English Skill.
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