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ABSTRACT

This research subjects to develop screening models for chronic kidney disease
patients and compares the effectiveness of four data mining models which are.
Random Forest, Naive Bayes, Neural Networks, and Decision Tree. The data set of
nephropathies from the Wangdara District Health Promoting Hospital, Bandung
Amphoe, in Udon Thani Province was utilized in this experiment. It consisted of 813
rows and 5 features. The effectiveness of the four models was measured with 10-fold
cross-validation. From the experimental results, it revealed that the Random Forest
method can achieve the best performance which compared with the others. Therefore,
the Random Forest method can effectively predict and diagnose chronic kidney

disease to support medical decisions.
Keywords: Chronic Kidney Disease, Random Forest, Data Mining.
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Performance
Method
Accuracy Recall Precision F-Measure G-mean
Random Forest 98.89% 98.56% 98.67% 98.61% 99.76%
Naive Bayes 75.53% 81.88% 73.58% 77.51% 81.64%
Neural Networks 94.71% 69.23% 69.94% 69.58% 97.69%
Decision Tree 98.77% 98.47% 99.03% 98.47% 99.38%
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AU UagA1 G-mean ganlaavinfy 98.89% , 98.56% , 98.61% uag 99.76%
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99.03% MUAGU

M19199 5 wan1siauseansamvestamanie 10-Fold Cross Validation veetoya 4 AnanwaE

(¥nIUAT eGFR Result)

Performance
Method
Accuracy Recall Precision F-Measure G-mean
Random Forest 94.96% 98.56% 98.67% 98.61% 96.10%
Naive Bayes 56.59% 59.75% 44.22% 50.83% 64.16%
Neural Networks 61.02% 32.75% 29.02% 30.77% 65.89%
Decision Tree 85.12% 87.52% 88.33% 87.92% 87.36%
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